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422,607,872 follower listings across 72 accounts (2021)
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log, tweet frequency difference

Work in progress:

semantic divergence; cosine distance, more dissimilar >

The short version

* Could we test how well these computational models « We mined large corpus of tweets by users grouped by
capture meaning and semantics shifts? political polarities, according to what news media
« The DUREL annotation task (schiechtweg et al 2018) for measuring outlets they follow
semantic change + Mechanical Turk * Preliminary results: differences in topics of conversation,
certain words and phrases used in different senses
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Future work: tease apart sources of divergence
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